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ABSTRAK

Penyaluran Bantuan Langsung Tunai (BLT) di Indonesia sering mengalami
permasalahan dalam hal ketepatan sasaran penerima. Salah satu penyebab
utamanya adalah proses pendataan dan klasifikasi yang masih dilakukan secara
manual, sehingga menimbulkan potensi kesalahan dan keterlambatan. Penelitian
ini bertujuan untuk merancang dan mengembangkan sistem berbasis web yang
dapat membantu pemerintah desa dalam mengklasifikasikan kelayakan
masyarakat penerima bantuan BLT secara otomatis menggunakan metode Naive
Bayes. Sistem ini dibangun dengan fitur utama seperti manajemen data warga,
klasifikasi berdasarkan atribut sosial ekonomi (penghasilan, jumlah anak usia
sekolah, usia dini, ibu hamil, lansia, dan disabilitas), serta dashboard monitoring
bantuan. Untuk menguji efektivitas metode yang digunakan, dilakukan proses
pelatihan model klasifikasi menggunakan aplikasi RapidMiner Studio terhadap
200 data warga. Hasil evaluasi menunjukkan bahwa metode Naive Bayes mampu
mencapai tingkat akurasi sebesar 71,00%, yang menunjukkan performa cukup
baik dalam mengklasifikasikan kategori KPM (Keluarga Penerima Manfaat).
Dengan adanya sistem ini, proses seleksi penerima bantuan menjadi lebih cepat,
transparan, dan objektif.

Kata kunci : BLT, Klasifikasi, Naive Bayes, Sistem Berbasis Web, RapidMiner,.
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ABSTRACT

The distribution of Direct Cash Assistance (BLT) in Indonesia often experiences
problems in terms of accuracy of recipient targets. One of the main causes is the
data collection and classification process which is still carried out manually, thus
causing potential errors and delays. This study aims to design and develop a web-
based system that can assist village governments in classifying the eligibility of
BLT recipients automatically using the Naive Bayes method. This system is built
with main features such as citizen data management, classification based on
socio-economic attributes (income, number of school-age children, early age,
pregnant women, elderly, and disabled), and an assistance monitoring dashboard.
To test the effectiveness of the method used, a classification model training
process was carried out using the RapidMiner Studio application on 200 citizen
data. The evaluation results showed that the Naive Bayes method was able to
achieve an accuracy level of 71.00%, which showed quite good performance in
classifying the KPM (Beneficiary Family) category. With this system, the selection
process for aid recipients becomes faster, more transparent, and more objective.

Keywords : BLT, Classification, Naive Bayes, Web-Based System, RapidMiner.
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