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ABSTRAK

Layanan transportasi online seperti Grab telah menjadi bagian penting dalam
kehidupan sehari-hari masyarakat Indonesia, memberikan kemudahan dalam
mobilitas dan akses transportasi. Seiring dengan meningkatnya pengguna, ulasan
yang diberikan melalui platform seperti Google Play Store menjadi sumber data
berharga untuk memahami kepuasan pelanggan. Penelitian ini bertujuan untuk
menganalisis sentimen dari ulasan pengguna Grab dengan menerapkan algoritma
Support Vector Machine (SVM), yang dikenal efektif dalam klasifikasi teks. Data
ulasan dikumpulkan melalui web scraping dari halaman aplikasi Grab di Google
Play Store. Selanjutnya, data menjalani tahapan pre-processing berupa
pembersihan teks dari simbol, angka, tanda baca, hingga proses stemming dan
penghapusan stopword. Pelabelan dilakukan secara otomatis berdasarkan skor
ulasan: skor < 3 diberi label negatif, dan skor > 4 diberi label positif. Representasi
teks dilakukan menggunakan metode Term Frequency—Inverse Document
Frequency (TF-IDF) untuk mengubah teks menjadi fitur numerik yang dapat
diproses oleh model. Model SVM dilatih dengan pembagian data latih dan data uji
masing-masing 80% dan 20% menggunakan kernel linear. Hasil evaluasi model
menunjukkan performa yang cukup baik dengan akurasi sebesar 82%, precision
84%, recall 78%, F1-score 79%, dan nilai AUC sebesar 0,9015. Analisis lebih lanjut
terhadap ulasan negatif mengungkapkan bahwa aspek "driver", "aplikasi", dan
"pembayaran" menjadi sumber utama keluhan pelanggan. Penelitian ini
membuktikan bahwa SVM efektif dalam mengklasifikasikan sentimen ulasan
pengguna dan memiliki potensi sebagai alat evaluasi berbasis data. Sebagai tindak
lanjut, disarankan penggunaan pelabelan manual atau teknik semantik lanjutan
untuk meningkatkan akurasi pelabelan dan mengatasi ketidaksesuaian antara skor
dan isi ulasan.

Kata Kunci: Analisis Sentimen, Grab, Support Vector Machine, TF-IDF, Ulasan

Pelanggan



ABSTRACT

Online transportation services like Grab have become an essential part of daily life

for Indonesians, offering convenience in mobility and transportation access. As the
number of users increases, reviews submitted via platforms like the Google Play
Store serve as a valuable source of data to understand customer satisfaction. This
study aims to analyze the sentiment of Grab user reviews by applying the Support
Vector Machine (SVM) algorithm, which is known for its effectiveness in text
classification. The review data was collected through web scraping from the Grab
application page on the Google Play Store. The data then underwent several pre-
processing stages, including cleaning the text from symbols, numbers, and
punctuation, followed by stemming and stopword removal. Labeling was performed
automatically based on review scores: reviews with scores < 3 were labeled as
negative, while scores > 4 were labeled as positive. Text representation was carried
out using the Term Frequency—Inverse Document Frequency (TF-IDF) method to
convert the text into numerical features that the model could process. The SVM
model was trained using an 80/20 split of training and testing data, with a linear
kernel. The evaluation results showed fairly good performance, achieving an
accuracy of 82%, precision of 84%, recall of 78%, F1-score of 79%, and an AUC
value of 0.9015. Further analysis of negative reviews revealed that issues related
to "drivers", the "application", and "payment" were the main sources of user
complaints. This research demonstrates that SVM is effective in classifying user
review sentiments and has potential as a data-driven evaluation tool. As a follow-
up, manual labeling or advanced semantic techniques are recommended to improve
labeling accuracy and address mismatches between review scores and content.

Keyword: Sentiment Analysis, Grab, Support Vector Machine, TF-IDF, User
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